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  Abstract 

This paper aims at the importance of mathematical modelling, its growing role and its 
applications. It is a myth that modelling projects progress easily from working through 
to utilizing, this is scarcely ever the situation. In computer science, the use of modelling 
and simulating a computer is utilized to fabricate a mathematical model which contains 
key boundaries of the actual model. The study aims at the use and advantageous ap-
plication of mathematical modelling in the COVID pandemic such as to understand the 
transmission of the virus, its solution to prevent the growth of the virus among the 
population, calculate the infected populations and give a slight idea of the future pre-
dicted scenarios. Thus, its role and applicability in the pandemic are discussed by fram-
ing a mathematical model case to understand the transmission of the virus at the stage 
of the beginning of the pandemic. Thus, the study aims to give a basic idea of mathe-
matical modelling, its uses, and its role in recent scenarios. 
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1. Introduction   

Mathematical Models are representative models, where the images are mathematical images/ideas. A mathematical model is 

a simplified representation of a structure that makes use of mathematical concepts and terminology. Mathematic program-

ming is the process of developing a mathematical framework. It is useful to split the way toward modelling into four general 

classes of action, building, researching, testing and uses. As a rule, abandons found at the considering and testing stages are 

remedied by getting back to the structure stage. The mathematical model addresses the actual model in virtual structure, and 

conditions are applied that set up the test of interest. The simulation begins – i.e., the PC ascertains the consequences of those 

conditions on the mathematical model – and yields brings about a configuration that is either machine-or comprehensible, 

contingent on the execution. Generally characterized, numerical demonstrating is the interaction of developing/building nu-

merical articles (like arrangement of conditions, a stochastic cycle, a mathematical or arithmetical design, a calculation, or 

numbers) whose properties compare here and there to a specific real‐world framework. 
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1.1 Rationality of Mathematical Modelling   

There are obviously numerous reasons, however most can be connected somehow or another to the accompanying. To acquire 

understanding. As a rule, on the other chance that we have a numerical model which precisely mirrors some conduct of a 

real‐world arrangement of interest, we can regularly acquire improved comprehension of that framework through examina-

tion of the model, e.g., blood stream in supply routes or spread of a scourge. Likewise, during the time spent demonstrating, 

we may discover which elements are generally significant in the framework, and how different parts of the framework are 

interlinked. While planning a convoluted gear we may need to comprehend system included – we need to get oil instrument 

of synovial joint prior to planning a fake joint. To foresee or mimic. Regularly we wish to understand what a true framework 

will do later, yet it is costly, unreasonable, or difficult to test straightforwardly with the framework. Models incorporate atomic 

reactor configuration, space flight, annihilation of species, climate expectation, etc. To advance some presentation – benefit 

of an organization, to get reaction conduct of a framework – to control a scourge what factors are significant! 

1.2 Objectives of Mathematical Modelling   

Numerical displaying can be utilized for various reasons. The state of knowledge about a structure, as well as the quality of the 

presentation, determine how successfully a certain goal is achieved. The breadth of targets may be shown in the following 

examples:  

a) Creating logical organization through quantitative articulation of existing knowledge on a structure (as well as reveal-

ing what we know, this may also reveal what we don't know)  

b) Evaluate the effects of modifications to a structure  

c) Help dynamic, including  

i. Directors' strategic decisions  

ii. Organizers’ crucial decisions 

  Since everybody has an exceptional perspective on, various individuals may think of various models for a similar framework. 

There is normally a lot of space for contention about which model is ideal. It is vital to comprehend that for any genuine 

framework, there is no ideal model. One generally attempts to improve and reach to a superior model. Nonetheless while 

displaying, one must make a compromise between exactness, adaptability, and cost. Expanding the exactness of a model by 

and large builds cost and diminishes its adaptability. The objective of displaying interaction ought to be to get an adequately 

exact and adaptable model at a minimal expense. 

1.3 Steps in mathematical modelling 

STEP 1: The beginning stage is this present reality issue.  

‐ define the issue unmistakably and unambiguously.  

‐ The issue is then changed into a framework with an objective of study.  

‐ This may need earlier information about this present reality related with the problem, and/or on off chance that the earlier 

knowledge is not adequate, one needs to plan an investigation to acquire new/extra information. 

STEP 2: (Framework Characterization): Step 1 prompts an underlying depiction of the issue dependent on earlier information 

on its conduct. The issue as such might be exceptionally confounded and may have highlights which may not be significant 

according to the perspective of objective. So, one make a few rearrangements and glorifications to acquire a genuine model 

(RWM).  This includes a cycle of disentanglement and admiration – known as framework portrayal. 

STEP 3: (Mathematical model) At this stage the framework portrayal is identified with a numerical plan, which delivers a nu-

merical model. It includes two phases, initially determination of a reasonable numerical plan, and at that point the factors of 

the chose plan are connected on balanced premise with the applicable highlights of the framework. The abstract formulation 
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is ‘clothed' as far as physical features to give numerical model. This progression requires a solid connection between the actual 

highlights of the framework what's more, the theoretical mathematical formulation. 

STEP 4: (Analysis) When mathematical model is gotten, its relationship with the actual world is briefly disposed of and the 

mathematical definition is settled/investigated utilizing mathematical instruments. This is done as indicated by the standards 

of mathematics.  At this progression, one needs to relegate mathematical qualities to different boundaries of the model to 

get the model conduct. This is finished by 'parameter estimation' utilizing given information. 

STEP 5: (Validation) In this step, the detailing is deciphered back as far as the actual highlights of the issue to yield the conduct 

of the mathematical model.  

The conduct of mathematical model is then contrasted and of their given issue as far as the information of genuine world to 

decide if the two are in sensible arrangement or not as per same predefined rule. This is called validation. It might be brought 

up here that standard for approval ought to be picked with care. If the model is excessively rigid (for example it requires an 

excellent arrangement between the model conduct and the actual world) at that point the subsequent model will be very 

complex. If a less tough model would prompt a model dependent on coarser framework description. In general, one beginning 

with a genuinely rigid basis and basic situation portrayal and mathematical detailing. In view of level of conflict, either the 

standard might be debilitated, or model be settled on more complex so better understanding is accomplished. 

STEP 6: (Adequate model) On the other chance that the model finishes the assessment of approval it is called a satisfactory 

model and cycle reaches a conclusion. Something else, for example in event that model doesn't pass the approval measure, 

one necessity to back track and make changes either in depiction of framework (Step 2) or in mathematical detailing itself (Step 

3), and the cycle begins from that point once more. 

2. Types of Modelling 

2.1 Linear Modelling 

Standard linear model deals with the following equations: 

y= mx + c, where m= slope and c = y – Intercept 

  In this condition the variable m addresses the slant of the con-

dition, and the variable b addresses the y-block of the line. 

When considering linear models, we should comprehend the 

idea of incline. Incline generally is characterized as “ascend over 

run” or “change in y over change in x”. Overall slant estimates 

the rate in change. Along these lines, incline has numerous ap-

plications in math including speed, temperature change, pay 

rates, cost rates, and a few different paces of progress. 

 

 

Fig.1.Linear models are depicted by the following general graph 

 

2.2 Exponential modelling 
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Exponential models are utilized to anticipate human populaces, 

creature populaces, contamination development, cash develop-

ment and different parts of society that fit exponential variable of 

an exponential model is found in the example of condition Expo-

nential decay models are used to gauge radioactive decay, half -

life, diminishing populaces, and different compounds that fit an 

exponential model. Once more, the exponential decay models are 

found within the exponent.   

Exponential growth formula:  P = Po (1+ r) t  

Exponential decay formula: P = Po (1- r) t  

Where, P= new value, Po = original value, r = rate, t= time  

 

                                                      

 

                                                     Fig. 2. Exponential graphs are depicted by  

                                                     the following general graph 

2.3 Quadratic Modelling 

The graph of quadratic model is a parabola, and its general equation is in the form: 

y= ax2 + bx + c, x = -b/2a 

  The vertex is the defining moment on the diagram of a parabola. On the off chance 

that parabola opens, at point the vertex is the absolute bottom of the graph. If parab-

ola opens descending, the vertex is the most elevated point on the diagram. The 

course of the parabola opens can be controlled by the indication of the x term in the 

given equation. On the off chance a<0, at that point the parabola open descending. 

Essentially on off chance that a>0 the parabola opens upward [1].  

                                                                        

Fig. 3. Quadratic model is depicted  

                                                                        by the following general graph 

 

3. Classification of Mathematical models  

Connections and factors are common components of mathematical models. Executives, such as mathematical administrators, 

capacities, differential managers, and so on, can depict relationships. Components are measurable expressions of framework 

limits of concern. According to the creation of mathematical models, a few arranging techniques can be used: 

  Linear or Nonlinear model: If all of the administrations in a mathematical model are linear, the mathematical model is said 

to be linear. In the contrary circumstance, a model is considered nonlinear. Linearity and nonlinearity have different meanings 

depending on the context, and linear models can contain nonlinear articulations. In a measurable linear model, for example, it 

is assumed that a connection is linear in the bounds, but it might be nonlinear in the indicator components. Furthermore, a 

differential circumstance is assumed to be linear if it is constructed with linear differential administrators, although it might 

still contain nonlinear intonations. When all of the goal capabilities and implications are managed entirely by linear 
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circumstances in a mathematical programming model, the model is referred to be a linear model. In event that at least one of 

the target capacities or requirements are addressed with a nonlinear condition, at that point this model is known as a nonlinear 

model. When an issue is decomposed and parameterized, linear design implies that it may be decomposed into less compli-

cated sections that can be dealt with freely and investigated at a different size, with the results remaining significant for the 

actual reason. Even in the most basic of contexts, variability is frequently associated with phenomena like as bedlam and irre-

versibility. Despite the exceptions, nonlinear frameworks and models will be harder to stay focused on than linear ones [2]. 

  Static or Dynamic model: A dynamic model captures time-dependent variations in the framework's state, whereas a static 

model ensures the framework's equilibrium and is therefore time-invariant. Differential conditions or distinction conditions 

are commonly used to handle dynamic models. 

  Explicit or Implicit model: In event that entirety of the information boundaries of the general model are known, and yield 

boundaries can be determined by a limited arrangement of calculations, the model is supposed to be explicit. Be that as it may, 

here and there it is the yield boundaries which are known, and comparing inputs should be settled for by an iterative method-

ology, like Newton's technique. In this case, model is supposed to be implicit. 

  Deterministic or Probabilistic model: A deterministic model is one in which each set of variable states is particularly con-

trolled by boundaries in the model and by sets of past conditions of these factors; accordingly, a deterministic model consist-

ently plays out similar path for a given arrangement of introductory conditions. On the other hand, in a stochastic model—for 

the most part called a "statistical model"— irregularity is available, and variable states are not depicted by exceptional qualities, 

yet rather by likelihood appropriations [3]. 

  Discrete or Continuous model: A distinct model treats artefacts as discrete, such as atoms in an atomic model or territories 

in an observable model, whereas a continuous model addresses the publications in a continuous manner, such as a speed field 

of liquid in pipe streams, temperatures, and stresses in a strong, and an electromotive force that relates consistently over the 

entire model due to a charged object.  

  Deductive, Inductive or Floating: An inductive model arises from accurate discoveries and conjecture, whereas a deductive 

model is a consistent design based on a hypothesis. The floating model, on the other hand, is just the evocation of predicted 

design and is based on neither hypothesis nor observation. Outside of economic considerations, the use of arithmetic in soci-

ologies has been chastised for unjustified models. In science, the use of the debacle theory has been regarded as a floating 

paradigm [4]. 

3.1 Advantages of mathematical modelling: 

a) They are fast and simple to create  

b) They work on a more unpredictable circumstance. They can assist us with improving our comprehension of this present 

reality as specific factors can promptly be changed. 

c) A model demonstrates holes that are not quickly obvious, and in the wake of testing, the personality of the disappoint-

ment may provide some insight into the model’s insufficiencies. 

d) Models enjoy the benefit of time since results can be acquired inside a generally brief time frame. 

3.2 Limitations of mathematical modelling: 

a) A model that distorts may mistakenly mirror this present reality circumstance 

b) In the event, the individual who fabricates the model shows a slight mistake, yield from the model will be inaccurate 

c) Models can now and again demonstrate too costly to even consider beginning when their expense is contrasted with the 

normal get back from their client. 
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4. Modelling and Simulation 

4.1. Difference between modelling and simulation 

Modeling is a method of addressing a model that includes its development and operation. This model functions similarly to a 

real framework, assisting investigators in predicting the impact of modifications to the framework. As a result, modelling entails 

creating a model that addresses a framework as well as its attributes. It is an illustration of how to construct a model [5].  

  A framework simulator is the activity of a model in terms of time or space, which differs from examining the exhibition of an 

existing or projected framework. At the end of the day, simulation is a method of using a model to think about displaying a 

framework. It's an example of how to use a model for modeling [6]. The steps that go into creating a simulation model. The 

following components make up simulation models: framework sub-structures, input variables, performance measurements, 

and meaningful linkages. The steps for creating a prototype system are as follows:  

Step 1: Identify the issue with a current framework or set prerequisites of a proposed framework.  

Step 2: Design the issue while dealing with current framework factors and constraints.  

Step 3: Collect and begin handling the framework information, noticing its presentation what's more, result.  

Step 4: Develop the model utilizing network outlines and check it utilizing different confirmations strategies. 

Step 5: Validate the model by contrasting its exhibition under different conditions and the genuine framework.  

Step 6: Create an archive of model for some time later, which incorporates destinations, presumptions, input factors and 

execution exhaustively.  

Step 7: Select a fitting trial plan according to necessity.  

Step 8: Induce test conditions on the model and notice the outcome. 

4.2. Performing Simulation Analysis 

Step 1: Prepare a difficult assertion.  

Step 2: Choose input factors and make elements for the simulation interaction. There are two kinds of factors - choice 

factors and wild factors. Choice factors are constrained by the developer, while wild factors are the arbitrary factors.  

Step 3: Create limitations on the choice factors by relegating it to the simulation cycle.  

Step 4: Determine the yield factors.  

Step 5: Collect information from the genuine framework to include into the simulation.  

Step 6: Develop a flowchart showing the advancement of the simulation interaction.  

Step 7: Choose a suitable simulation programming to run the model.  

Step 8: Verify the simulation model by contrasting its outcome and the ongoing framework.  

Step 9: Perform an analysis on the model by changing the variable qualities to track down the best arrangement.  

Step 10: Finally, apply these outcomes into the ongoing framework. 

4.3. Advantages of Modelling and Simulation 

a) Straightforward: Allows to see how the framework truly works without chipping away at continuous frameworks.  

b) Easy to test: Allows to make changes into framework and their impact on the yield without chipping away at ongoing 

frameworks.  

c) Simple to update: Allows to decide the framework necessities by applying various setups. 

d) Easy to recognize imperatives: Allows to perform bottleneck investigation that creates setback for the work cycle, data, 

and so forth  
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e) Simple to analyze issues: Certain frameworks are perplexing to the point that it is difficult to comprehend their connection 

at a time. In any case, Modelling and Simulation permits to see every one of the cooperation’s and dissect their impact. 

Furthermore, new approaches, activities, and strategies can be investigated without influencing the genuine framework 

[7]. 

4.4. Disadvantages of Modelling and Simulation 

a) Designing a model is a workmanship which requires area information, preparing and experience.  

b) Operations are performed on the framework utilizing irregular number, thus hard to foresee the outcome.  

c) Simulation requires labor and it is a tedious interaction.  

d) Simulation results are hard to interpret. It expects specialists to comprehend.  

e) Simulation measure is costly. 

5. Application of Mathematical Modelling & role in Pandemic  

The role of mathematical modelling is extensive and huge because of its ability to create models and solve real life problems. 

It is used in various areas of engineering, construction, research, biological sciences to name a few. Mathematical Models with 

applications centers around the utilization of logarithmic, mathematical, measurements and likelihood ideas to genuine en-

counters in individual accounting, science, craftsmanship and sociology [8]. 

  To name a few areas of its vast applications are the following: 

a) Anthropology: modelling, arranging, remarking skulls 

b) Artificial intelligence for advanced mechanics and robotics 

c) In the biological sciences it is used to model the spreading of infectious diseases, for constructing a genome structure, 

in population dynamics. 

d) It is used in molecular and atomic modelling 

e) In economics for labor information investigation 

f) Space sciences: for flight simulation  

  Despite having a vast area of applications in so many fields, Mathematical modelling played a crucial role in the Covid-19 

pandemic of 2020 to predict the dynamics of transmission, the predictions of future scenarios, considering the behavior of the 

spread of the virus under many assumptions like considering isolated cases, vaccination etc. [9].  

5.1. Mathematic Modelling in pandemic  

Mathematical model for Coronavirus Pandemic to understand its transmission. Mathematical models are helpful to compre-

hend the conduct of a disease when it's anything but a local area and explore under which conditions it will be cleared out or 

continued. 

  The SIR model was utilized. An SIR model is an epidemiological model that calculates the estimated number of people in-

fected with an infectious disease in a closed population over time. The name of this class of models comes from the fact that 

they incorporate coupled circumstances linking the number of helpless persons S(t), the number of infected people I(t), and 

the number of recovered persons R (t). 

  To increase the true number of infected cases and the weights on seclusion wards and concentrated consideration units, a 

modified SIR pestilence model is introduced. Human-to-human interaction has been suggested as a probable cause of COVID-

19 outbreaks. Separation of the affected individual reduces the risk of COVID-19 spreading in the future.  

  To do so, we divided the total population into five groups: susceptible, exposed, infected, isolated, and recovered from 

sickness. This research will lead to the development of a mathematical model in which the sensitive populations are linked to 
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the exposed and infected populations. Infected persons, those who display no symptoms but have the sickness in a powerless 

structure inside their bodies, should be sent to segregated classes at different rates. The model's neighborhood security and 

global soundness are investigated using the fundamental regenerative technique [10].  

  The suggested model's mathematical organization is based on the nonstandard finite difference (NSFD) plan and the Runge-

Kutta fourth request approach. Finally, some graphical results are shown. COVID-19 flare-ups may be caused by human-to-

human interaction, according to the findings. 

5.2. Model Formulation  

Five equations are formed on basis of population division in the order: susceptible(S), exposed(E), infected(I), isolated(Q) and 

recovered(R) populations respectively as follows forms the system (1) 

 

dS(t)/dt   = A-μS(t) – β(N)S(t)(E(t)+I(t)) 

dE(t)/d(t)  = β(N)S(t)(E(t)+I(t)) – πE(t) – (μ+γ)E(t) 

dI(t)/d(t)   = πE(t) – σI(t) – μI(t) 

dQ(t)/d(t)  = γE(t) + σI(t) – θQ(t) – μQ(t) 

dR(t)/d(t)  = θQ(t) – μR(t)                                     ……(1) 

Where 

β= Rate at which susceptible population moves to infected and exposed 

π = Rate at which exposed population moves to infected one  

γ= Rate at which exposed people take onside as isolated 

σ= Rate at which infected population were added to isolated population 

θ= Recovery rate of isolated population 

μ= Natural death rate + disease related death rate  

• From these equations we come to the result that if S(0)= S0 ≥ 0 , E(0)=E0≥0, I(0)=I0 ≥0, Q(0)=Q0 ≥0  are non-neg-

ative as long as time t ≥ 0 . 

• Now the stability of the system (1) relies upon the reproductive number R0 

Two cases are proved with respect to R0. 

CASE 1: The system (1) is locally stable if R0 < 1 and unstable if R0 ≥ 0. This is proved by forming Jacobian matrix of the 

system (1). 

CASE 2: If R0 < 0 then the system is globally stable. This is proved by constructing Lyapunov function L and differentiating 

the equation formed. 

5.3. Numerical Method  

The NSFD is an iterative method is used in model for numerical solution. NSFD methods give numerical answers for differential 

conditions by developing discrete models. They protect the huge properties of their consistent analogs and thus give depend-

able numerical outcomes. Using NSFD method in the equations of system (1) we concluded to two conditions [11].  

 

i. The solutions of S(t), E(t), I(t), Q(t) for R0 > 0, so that it is precarious and won't ever become steady on account of 

contact paces of contaminated individuals to susceptible individuals. 
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         4(a). The suspectable population from covid 19       4(b). The exposed population to covid 19 

             4(c). The infected population from covid 19             4(d). The isolated population 

4(e). The recovered population from covid 19 

 

Fig 4. Graphical representation of population with respect to different parameters in the covid 19 environment with unstable contact rate   
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ii. The solutions of S(t), E(t), I(t), Q(t) for R0 < 0, at point when contact rate decreases, then, at that point, the ebb and 

flow irresistible infection might be controlled. 

 

              5(a). The suspectable population from covid 19  5(b). The exposed population to covid 19 

                 5(c). The infected population from covid 19      5(d). The isolated population 
 

 
                                5(e). The recovered population from covid 19 

Fig 5. Graphical representation of population with respect to different parameters in the covid 19 environment when contact rate de-
creases  



A. K. Pandey et al. 
 

 

 11 
Journal of Applied Science and Education  

(JASE) 
A2Z Journals 

 

 

6. Conclusion 

According to the findings, segregating infected humans can reduce the risk of COVID-19 spreading in the future. The model 

illustrates how the Covid spreads through touch and indicates how quickly something changes by calculating the number of 

poisoned persons and the likelihood of new infections. The pestilence is sparked by the new illnesses. This will be used to run 

the Covid numerical model with separation class. The regeneration number-related solidity is investigated, which revealed the 

effect of contaminated individuals cooperating with vulnerable populations and shown graphically and logically that if we man-

age this contact rate, we can control the flow infection, something else. 
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